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Iwould hke fo speak to. you tomght about N
i econometrlcs and its role in the analysis of T
- the economic effects of proposed changes in
- public pohcy Econoretrics is the subfield of
-economics whose focus is. the developiment

 of statistical techniques and their application

. to economic dafa. The typical use of econo- -
metrics is in the quantification of relation- .

ships between and -among economic -vari-

 ables. The two priinary: areas of interest to
economeiricians are: 1) forecasting futuré -

values of economic vanables, and 2) mea-

- suring the-effect that a changg in the value
- orte economic variable has on another.. My

talk tomght will deal mainly with the latter
and, in particalar, will focus on quantifying

- the effect of a change.in a qualitative policy -
variablz on a given economic otitcome vari- ..
able of interest. By quahtahve policy vari- .

T. able’l mean a bmary {on/off, yes/no) vari-

" able that i 1s, to some degree, tnder the con- -

- trol of a policy maker. For example, a key -

component of nearly every health care

- reform proposal is the extension of public .
- health care insurance coverage to segments .
. of the population that are not currently cov- -
ered. - Health insurance coverageis a quali- .
tative policy variable and-measuring its." .}
* . potential effect on aggregate health care’__ o
> costs should be of great interest-to policy”
- makers. The key question to be answered
* by the econometrician is “How much will”" ~

Vt‘ne typxcal mlelduﬂl who does not cur-
" rently have health insurance, increase his
usage of the health care system if he is given |
.+ coverage?” The outcome variable of mterest ‘
- in this context is.a specnfxed quantitative |
- meastze of health services utilization (e.g "
. the nuimber of doctor visits, or tlle_nu:mbe_r-
“of prescriptions filled). - The effect of such a-
*.qualitative policy variable is often referred. -




toasa treatment effect and the varzable 1tse].f e

is termed the treaiment variable.

.On its face, the evaluatlon {estimdtion) of - .

" a treatmerit effect does niot. appeat to bea

- difficidt task, It would seem that one can . -
simply follow thie lead of the chemist who- . | -
seeks to determine the effect- of light (the -
treatment variable) on the speed of a partic-.

ulaf - chemical reaction (the outcome vari-

able). The chemist takes data on these two -
variables and estimates the treatment effect -
of light by computing the difference . -
between the average reaction time for exper- .,
iments done in light vs. the average reaction -
" time for those conducted in the dark. " This" -
"is thé so-called " difference-of-means approach o

0 freatment effect estimation. leewrse, the

econometrician might estimate the ‘treat-- -

ment effect of health insurance on heabth

services utilization by -computing the differ- -
ence in average utilization for those who [
have health insurance coverage as opposed

" to' those wha do not. Unfortimaitely, there is

an important distinction between the héalth
insurance and chemistry examples that typ-.
ically precludes the use of the diiference-of-. -

'g:eéné._ (_r'heﬂ'lod fqr :
- estimating treafrnent -
: effects in the public

. distinction has mainly
“to do with the manner
. _:in ‘which the data are

gathered. The chemist

" the result of a series of
- carefully controlled

"..ments - that are con-
" ducted ‘while holding

~other. relevant influ-
" _ences constant. - Such
" cpotentially influental
-+yariables ‘might . in-
_clude “ambient tem-
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policy realm.- This

generates . datza on
reaction Hme and the
presence of light as

laboratory . experi-

perature, and the PROGRAM PARTICIPANTS -- Dr. lTersa (center) is shown with Dr. Gary
composmon of the Quinlivan, left, Executive Director for -the Center for Economic and Pelicy

reaction is to take .for the Center.

- ‘place: By controlling these "nuisance" vari--
~-ables, the. chemist can be reasonably sure
o thar observed changes in reaction time are
1 dueonly to differences in the treatment vari- -
" able (light). In analyzing the potential effect
. of a public policy change on the value of an "~
- ‘economic variable of interest, the econome-
trician does not typically have experimen-
- lally generated data at his disposal. Most .-
- -often the only data available for analysis is . /|
- nonexperimental data that came from a ret- [ -
tospective survey of individuals in the real
- ‘world. Therefore extraneous influences on~- -
- ‘the outcome variable are not controlled and™
~the différence-of-means ' estimator  of ‘the'
. {treatment effect is likely to be biased. Tosee . -
: _=t]us corisider agam the. analysis. of the -
< potenbal increase in health services utiliza- -
i tlon Tesulting from the extensmn of health -
_insurance coverage fo- uncovered segments .
““of the’ populatlon. In surveying individual -
- health' insurance status and health services- |-
~-utilization . rates, important variables. like -

age are TIok (in fact, cannot be) held constant.

If older individuals are more likely to have
. health insurance (which is probably tue), .-
| -.and - older . individuals tend to use miore -

- 'health caré services (which is:alse probably
| true), and the analysis fails to control for the "
" effect of age, then it will'be difficult to deter-

" miné whether observed increasesin utiliza- - Nt
" Hion-are attnbutable to-health i msurance or .

N fare merely due to differences in age.

~In the remainider of the talk T will discuss -

ways of confrolling for the effects of nui:

" ‘sance variables in the context of the estima- -
- tion of policy-relevant treatment effects. We -

-~ _.begm by examining situations in which the -
- .muisance variables are observable. The most

" eommon solution in this case, regression
S analysrs, is not new.. We will nevertheless. ;
“review it for the uninitiated. The Teview -

| ‘will also helpto fix ideas for the subsequerit '
-"“discussion. The next part of the talk will =
.1 cover two ways. to avoid bias for the more

L medium in which. the - Education, and Dr. Andrew R. Herr, rtghf Pellow in’ Economrcs and Palzcy

' '_troubiesome case in whrch the gulprrt nu;— .
. sance variables are unobservable, The first | -
. of these is the so-called pseudo experimen— | .
. tal sampling approach in which individuals | |

.. are, randomly -assigned to ' treatment ‘and .

- non-ireatment groups. Pseudo expeériments, |

“though effective for. eliminating bias in‘the. |-."
. estimation of treatment effects, can be quite’ [ -
- -costly. The second way to’ av01d bias is by | -
‘applymg approprrate econometnc tech- 1’
niques to. nonexperimental (retfospective % I
© . survey) data, which is typically Jessexpen- {.
sive to:.collect ‘than pseudo experimental *
-data. . Here I describe’ @ new econometric -

method thatThave developed for this pur

- pose. Two applications of the new econo-: |
" metri¢ techruque are:then considered. The: |
" talk concludes: with ‘a. discussjori- of direc-" 3|
< tions for future research :

;“_Controllmg the -
- Influences of- Observable
. “Nmsance Variables '

There are two. Lypes of niuisance vanable_'" o

. — observable and unobservable. If:the nui- |
. safice variable is observable, its influence: .

.} “-can be directly controlled by the.usé of the'

I. [ appropriate sta’ushcal techmque regardless <1

of whether the’ data were ‘obtained experi: N

- mentally or nonexpermentally ‘The statisti- © |

" cal technique to which I refer is called regres- * | -

. sion analysis. ‘By properly. "weighting” each |

. of the nuisarice variables according fo’its’

impact on the oltcome vanable, regressron--
analysis allows unbiased -estimation of-the .

. treatment effect. Inithe health insurance. -

exa.mpIe mentioned éarlier,: suppose age 15 -

'.among the variables included in the sample < | -,
-survey. In applyirig regréssion analysis to - |
* _the ‘estimation “of - the treatment effect of .-
- health insutance on the number-of visits to

the doctor made by an individual per year' 1
we would write : S
V=g +13H1+13,AGE T




. where

V* denotes, the mean (average) number of e N

‘ doctor visits for an iridividual per year

“HI =1 if the person has health msm'ance,'

.0 otherwise
AGE =the person’s age in years

8, = the average number of doctor visits
- for the uninsured, after contro]hng for the -

effectof age

8, = the difference berween the average
- number of doctor visits for insured vs. unin-
sured, after controlling for the effect of age |

(this is the insurance treatment ef_fect) -
8, = the we1ght or impact of age.’

" The 8s {i.e. the weights) are u.nknown butby '
applymg regreéssion aralysis to a sample of .
-data ‘we can’ 0btain estimatés of ‘thiese "

weights. As a practical matter, we can now

' estixriate the impact of proposed publicpoli-

cy measures that provide for universal -
For example:

health irisurance coverage.

suppose we applied regression analysis toa." - |
" nationally representative sample of data . ¥
" and, ‘among’ the other & estirates suppose:
we obtained the: fol}owmg insurance treat—u
ment effect : '

CB=4

. Thxs result would be mi-erpreted asa pro;eci— -

“ed increase of four doctor visits per year for

»| - the average unmsured person. in the event -
S that he is given insurance coverage.. If we.

: mulﬁply this Tuimber by the approximately - |
"45 million Americans who- do not cutrendly. =
~have health insurance, we obtain’the num- . *
. ber of additional visits per year that would’
"be expected under universal health insur-

ance-coverage ~ 180 million. Moreover, if the

average doctor Visit costs $160 then the pro-- o
]ected increase in health caré cost will be $18"

billion per-year. This is of course, only one

" aspect of health care utilization that will be
affected by the expansion of public health - -

_ ‘insurance coverage. Similar analyses would "
‘hold true forsuch health services as hospital - .
care, prescripion drug usage, and: mental -
. health-care, just to name a few.. .From this-
{: . example, one can easily .see that-unbiased =~ |".
~estimation of the treatment effect of health .

Cinsurance is a’key comp'on'eni.L of accurate
“dssessment of the projected agg-regate cost .,
- of proposed health care reforms :

'__=Controllmg the Inﬂuences _
‘of Unobservable Nmsance =
- Varmblea ,

Unbiased estimation of the treatment o
effect is mote. diffical whed. a- variable is
related to the: treatment vanable but not -
L observable. In our-health msurance exam-- . .
" 'ple suppose individuals. suffer’ from unob- .
“served miedical conditions that influence . -
both their health service utilization and the -
- likelihood - that they will ‘chioose to be.
" insured. -This variable will result in the -
: same kind of bias as that caused by the age- .
‘ The' problem hére is that regres-
. siort  analysis is’ not directly - apphcable i
because such mechcal conditions are not" .

variable.

’ serva_ble

-data;;

) 'data

-that individuals

" ~'Heatment: .

S : ' "_‘non treatment-
el groups It]S theonzed that such randomiza:
- tion effechve_ly breaks the link between-the
- treatiment -variable and, the nuisarice vari~ © 3
" able! For example’in ‘the estimation of the | [ -

" “health insurance treatment “effect, mdlwdual
~ choice ‘with respect to: Kealth -insurance -
.- would he eliminated by’ randomization: -~
" This effectively eliminates -any systematic- |
- relationship between -unobserved medical -

conditions and health insurance-status.- Fhis

*‘in tarn means that we should’ expectno bias |
" due to this unobserved nuisance’ variable, .
- This was the. motivation for ‘the' Health _
* Insurance ‘Experiment (FITE) conducted by - -
. the RAND Corporahon for: the US

_reported - and;
:_therefore “are’’
: unobservable :

“There -are- twof -
~“ways. o control
. for such unob--' s
Tlnuis
“sarnce -influences .
o) Cpseudo’
srexperimentdl |
and, 2).
ceconometric .
ctechnique o
o applied” t6 non-
. experimental | -

: ~Pseudo Expert =
:mental Data .
“Data :cairi"'b el
pseudo-exper -
: - imentfally geners: -
s —— - _ , - . " -ated in the sense”
" GREETING -- Anthony Thomas Kovalchik, second from right, aseniot politi:
cal science major from New Kensington, greets Dr. Terza, second from left. Also < .
pictired are Ms: Rosey Doelling, left, program’ coordinator of the Center.for’
. Econontic and Policy Education, and R:chard E: Kessler, H_I a saphomare eco- -
)~ nomics ma]ar from. Greensburg : ok .

“can be randomly |
“assigned to the - |
-angd -

Govemment in the late 19‘705 and ea.rly )
1980's." In the HIE, 2,000 fa]mhes Wete rat-. .
domized into five different health insurance -
" plans categorized ‘by 'the coinsurance rate
- (percentage of medical expenses paid out of - -
- pocket) which ranged from 0-{o'95 percent.
| Data gn many of these families were collect-
~ed yearly over a five-year span. Various:'
.} researchers have argued ‘that.the random-
_.~ization implémented in the HIE did indeed .
" break the link between unobsetvables and
‘health insurance ‘status, allowing unbiased .

.. estiates of the effects of dlfferent coinsuzr:
. >-ance rates on health care utilization. There
- are; however, two unportant shortcomings

of this pseudo. expenmental appreach. First,
‘although randomization may eliminate bias, *

. ‘expensive than comparably sized nonexper-
+imental surveys..- The cost -of the, HIE -
- exceeded $210° million in today’s ‘dollars.

* - Panel Study (MEPS) initiated by the Agency -
| - for Health Care Policy and Research
- (AHCPR) in 1997. The MEPSis a yearly sur- -
© ¥ey ‘consisting-of four components 1) the
" household. component -involving 10,000
. - famnilies; -2) ‘the’ mirsing-home 'component
5 mvolvmg 800 nursing homes; 3) the medical -
o | provider comiponent involving 2 70{} hOSPl—
" tals, 20,000 physicians,and 300: Thome’ health
“icare prov1ders, and 4) the insuranéé compo— o
“ ment involving 5, 700° employers, 150 union - |
. officials, - and ‘marnagers at nearly- 20, 000 "
i '-estabhshments In-order to draw compar«
- isons with the HIE, I, ‘estimated the cost of a.
. fiveyear: run’ bf the MEPS using figures T."
"~ obtained from AHCPR.- My cost estimate of
$172 n:n].hon, -coupled, with the fact that ‘the -
. MEPS is' much’ more comprehensive ‘than °
the HIE, explains’ why we will probably -
" never again see such a large-scale pseudo |
" experiment as the HIE. Secondly, althotigh |
| - orie mighit argue that the coinsurance effects
- estimiated from the HIE cari be extrapolated ;
to’ measure 'utilization rates for the unin: -
~sured (100 percent commsurance raie), strictly
“speaking the tininsuréd were not inclided

' :practical reasons, families were riot random-’

- pséudo experimerital data is typically more |

" " The thost promising nonexperimental alter- |
- native to the/HIE is the Medical Expendituze. |

" linthe study. To'bé specific, for ethical and. - |




<l 1zed mto an umnsured category 50- that the'_j
| insirance treatrnent effect; as we defined it .
- earlier, cannét be directly. estimated. Tfis the. |

-“very nature'of pseudo experimentation that

: oftenbrings it into conflict with such practi— S

cal and eth.tcal considerations.

1 .Econometﬁ.c Techqute Appl:ed to Nan-
experimental Data . We saw earligr that -]
~ -regression ana1y515 can be used to control
-7| the effects of observable nuisance vaziablés " - |

:| . that smmltaneously influence both the treat- s
~'ment variable and the outcome: variable, |
. Extensmns of- the regression ana1y515" o
- method can be used to deal with' wiicbserv- - -}
. able nuisance variables, Let s summarize. "~}
" the culprit unobservablé nuisance variables _
~asU. Inthe healtli insutance example, as we, - -
.| “discussed earli¢r, the main component of U i
21 ‘might be medical conditioris that are known - -

- | only to the individual. Note that the bias

1. problem ‘would be solved if ‘e could - |
. include U in the regression analysis weight— ol

i mg scheme. ‘Specifically, we would write -

VE= B +EHI+BAGE+£*U

] fora parhcular individual in the sample, we
.~ might have some knowledge (or be able to

* make some reasonable assumptions) about :
=1 how the relative frequenc1es of the various -
A values of U stack up ‘across individuals in o |

= 'the populatlon In. techmcal jargom, wé.
* might be confident in‘making assumptions
~ about the probabxhty distribution of U. Asit 7
. tums out, after a rather lengthy mathemati-. .
* cal argumient, . knowledge of the probability =~ .
. disiribuition of U is-all thaf is needed to make .
“ the appropriate ¢ correct[on for' brases caused:’ .1+
by the unobservable variable U.- I will spare . |
" “you'the technical details: “The more techni
| cally inclined ' among. you ‘can consult the -
: blbI;ography that I wﬂl give at the, end of the - |
talle. e

; _not allow for the possﬂ:uhty that the freat:

"‘.Applzcattons in
: ;Healfh Economtcs

"+ Iwould like to bneﬂy discuss two apph— o
- catlons of my methodology in health eco-.
nomics. ‘The first application demonstrates ™. |-
| the meorta.nce of correctmg for unobserv- . . |
" .able  effects in’ nonexperi-_ <. - '
- ‘mental data.”” The second ' g
~ ‘application, in addition. to

; k_m ‘ti'us tin'a dif- -
: ...where 8 is the regressmn analysts welght o point in a

* for the unobservable U, and alt of the other- - -
2" components are defined as above. -Aswe
know, however, we carmot d.u:ectly applyj*"-:
7 regression analysis - “because we: cannoi="-
* observe U.: Although we cannot.observe U

: ;_‘ferent context, shows that
formulatmg the' regression .
+analysis fo take account of
- the restnchons on the out

o unportant

Sl The E)‘j”ect of Physzcmn'
'Admce on_Alcoliol :Con- -
<sumption - Do Kenkel :
“{Cornell Uruversﬁy) and 1.
'__exammed the'. effect. of .
- physician . advice on .the .
_demand for alcohol. ' The
- private and public costs of ..

.- stantial. . Data from the 1993
__'Nat1ona1 ‘Longitudinal ©
- -Alcohol’ Ep1dem1010gy-
* Survey' indicate that Tearly -
75 percent of ‘Americans’
CLp (almost 13 million) “were”
. Thls does not however, cornpletely solve‘ Ne
* . our bias probIem Typically, the ‘regression’ "~

“analysis formulation that we have suggest-"
| ed above.is mappropnate because it does

- aleohol’ dependent in 1993. -
Moreover, it Has been estl-‘_ :
_r_na_ted that over .100,000. .,
4+ dedths a’year’ are alcohol-. "
" related. Policy makers have
5_‘.1mposed higher ' alcohol - .
.. iaxés 'and - enacted’ stncterz: .
- drunk: driving laws, paxtly in- response
“écononietric - studies | demonstratmg the -
. -effectiveness of such policy measures for
reducing alcohol abuse. - These approaches -
. to' solving the' problem, ‘though effective,
E have thelrshortcommgs ~Taxes impose costs
. ori responsible drinkers, and enforcement of !
T drunk driving laws-can be quite costly.

" 'ment effect of i insurance wilk differ depend- - -
1 ingom: the age group-(or,any other relevant - |
. observable nuisance variable). To be specif-
Jig B is assumed to be constant across the - .
; populatlon “Moreover,’ our simple regres- .. |-
sion, analysis formulation ‘dogs. not place.- *| -
- realistic restrictions on the value of the out- b
. |7 ‘come variable. For example, the doctorvisit
|+ outcome variable is strictly: posifive.: Iri this -
- cage -an alternative’ strlctly positive regres- - .
| - sion analysis formulation is called for. In: "
* other contexts.. the outcome varjable of ©
. interest may be the probability of the receipt -
“of a particular treatment.(e.g. vaccinafion).”
“|  Insuch cases the regression anatysis formu--
|- Jation ‘should be testricted to : values' |
¥ between 0 and 1 In order to deal w1th the. " -

: potenhal dependence of the treatment effect
* on other variables, and ‘Testrictions ‘on the . -
- range of the outcomie variable, theregression .-
- - analysis must be reforinulated in a way that - |
. - makes accoun‘r:mg for the effect of the urtob- .~ .
* servable nuisance variable more difficult: In
‘some of my recent work, T have shown that
-éVenin these moreé coiriplicated cases all that -
~/is eeded is some general knowledge about
" the probability distribution of U, and I have.
.+ derived ‘methods for correctmg the bias in
s treatment effect ‘estimation (techrucai details . .
" ‘can be found in the blbhography gwen at the :
- end of the talk) K o

QIIE . vanable can also b .

aleohol abuse and ifs'nega-"
tive Corisequences-are ‘sib-. " .

aleohial abusers “and/or .

Advme from Phys1c1ans .on the adverse

: ‘:ef:fects of d.t:mkmg isa preventahve measure
o<ihat is: relaﬂvely inexpensive and imposés "

- ittle or no. cost on responsible drinkers. By
: provrd.mg advice and counseling, physrc:tans -

: have the: opporturuty 10 mﬂuence then-"—-

. patienfs’. drinking practices before serious
_ alcohol-related .problems and alcohol”
- depenidencies develop. The objéctive of our.
- research’'was to evaluate the potential effec-

tiveriess of public policy aimed at encourag-
ing- physicians to tegularly offer their .

patients advice on the adverse effects of

drinking. The focus of our investigation is
therefore the estimation of the treatment
effect of physician advice on sleohol con-

.- sumption, .The ‘outcome variable we chose

to analyze was the number of alcoholic bev-

. erages consumed in the two-weeks prior to

.- the survey.: The treatment variable of inter-

" est in 'this context is a bindry variable indi-
‘cating whether or not the individual had .
" ever received "advice from a physican

- regarding the adverse health consequences

.. of drinking. -Using data  from' the 1990

" National Health Interview Survey, we esti-

mated the treatment effect in three ‘ways.

-Fu‘st we - tised ’ the simple difference-of-

. meanis approach and cbtained an estimated -

freatment effect of 7.79. According to this
result, by giving their patients advice about -
the ‘adverse health effects of drinking, doc- -

. tors drive patfents to drink. ‘We then used

regression analysis, controlling for such
varfables ‘as income, age, education, race, .
marital status, employment - status, and
region of residence. The regression results

" were somewhat less disheartening, though -

still counterintiitive, yielding an estimated .
treatment effect of 7.60. : .
We surmised that the freatment effect esti+

©mate was upward biased (in fact positive}




‘due to unobservable effects. For example, |

. suppose that physicians diagnose.individu- -
als as alcoholics {either formally or infor-
mally) but this diagnosis is not obsérved as”- .
‘part of the 1990 NHIS. -If diagnosed alco-." -’

.. holics are more likely to get advice and at

- the same time.fend to.drink more, then .
naive methods like dxfferenc&of—means and .

- ‘régression aralysis that do not account for

the influence of .alcoholism will tend 1o -

- overstate the treatment effect of advice., In. . .
.. our,case, the treatment efféct of advice i§ 86~

overstated that it has a counterintuitive sign. .

It is positive when we expect it to be nega- .-

| “tive. Therefore, as a third approach to esti-

. -mating the ‘treatment effect of physician

_ advice; we applied -my. mefhodology {dlis-.
- cussed earlier) in ‘which information about

the probability distribution of the culprit "
-uncbservable is used to correct the bias, and ..

 the ‘regression formulation is designed to .-

-~ obey the restrictions imposed by the nature .

‘of the outcome: variable — recall -that the

"~ ‘outcome variable in this case is the number . *
" of drinks. and. therefore is zestricted to be -

non.negatwe ‘With f:hlS method we obtained

| an estimated tréatment effect of «4.5. This - R . REEEE
- _jSummary cmd Future Work

~ can lead to s1gmﬁcant decreases in alcohol"-._: AL

result indicates that advice from a physmlan _

consumphon

] The Effect of Alcohol Abuse o Employmeut‘ -

Outcomes . As the precedmg diseussion .

implies, reducing alcohol abuse is of consid- o
erable public’ policy. impertance. To the -
extent that public policy is effective in this: -

.regard alcohol abuse can itself be viewed as |

- @ controllable quahtatlve variable, and esti-. |
mation of. the treatment effect of alcohol -

- abuge becomes a legitiinate research goal.
One sector of the economy in which alcohol

abuse.is suspected to have serious adverse -
effects is the labor market. John Mullahy -

- (Wisconsin). and ‘Jody Sindelar: (Yale)
* attempted to estimate the reatment effect of -
- alcohol abuse.on. employment outcomes..

They categorized employment status in the X

usual way as: 1) oitt of the labor force;. 2)

. uemployed; or 3) employed. " As is often | Ungbservables are’ more: ‘of a problem:
_done’ in categorical analyses like this one, 7 .|

. théy cast the discussion in terms of two out- "

1. come variables: 1) the probability ‘of being
unemployed vs. outof the labor force; and.

2) the probability of being employed'vs. put - .
- of the laborforce. To contrel for the' mﬂu-;.' _
. “ences. of observable nuisance variables they .

took a regression analysis approach toiestin

. mation of the alcohol abuse treatment effects
" on the’ two outcome probabl].mes They
reahzed however, 'that unobservable nui=
" sance variables: relating to such things as |
" persohality and family background are like” . -
-y to exert influence on the employment out-

come’. probabilities- and ‘the likelihood of

‘alcohol abuse: - For-this reason,.they 1mp1e— Tl
- ‘mented ‘a conventional ‘estimation method - -
. . that, although - designed ' to’ deal with bias
due”fothe. unobservables, ‘does Tiot: take”
* ~account, of the’ fact that the: outcome’ van-"=- =
".ables areprobabﬂmes Whose values mustbe‘ 2
- "bétween 0 and 1. Usmg data from’ the .
- Alcohol. Supplement of the-1988 National - -
“Health: Interwew Survey, Mullahy and ;.
Sindelar * find ‘no ;statistically sigrificant’
Areatment effects on either of the outtcome. . .

" 'probabilities: T obtained thezr ‘data "and.
", ‘applied ‘my" method which, in addition to- -
deaimg with biases dué to unobservables- .
- takes explicitaccount of the inherent resiric- - [
.+ tions on’ the gutcome Vanable 1 found no”.
| - alcohol abuse treatment effect: on the proba- ./ - |-
L blhty of being’ unemployed vs..out-of the:
- labor force. I did, however, ﬁnd thatalcohol"‘_i'
" abusehas a stahshcal[y 51gn1f1cant and-sub-:
" stantial effect on_the. probability of ‘being
employed vs. bt of the'labor force- For.=
~-example, suppose an individual with given
" characteristics is:not an alcohol abuser and “:.
- hasa 75 probability of being eniployed: My
" results ‘imply that his chances. of employ- - -
“ ment would dropto 16 if he wereana.lcohol--x vl
¢ " abuser. The différence between this result
"and that of Mullahy.and Sindelar, lies in the | -
- fact that rhy methdd takes account of the ORI B
- 1) resitiction-on ‘the outcome vanable whtle o

- The lesson that] hope you W111 ’ea.ke from_ -
: ;tomght s talk ean Perhaps be summarizedin "
- the old aclage often invoked by econothetri~
" clans correlatton does niot 1mp1y causation.”. -
“In the context of the present discussion this - -
: transIates to- SJmple correlation between an”
outcome ‘variable and a. treatl:nent variable .
. doesnot imply that the treatment variable i~ * -
- a potenhal policy instrument." The problem -
' 'is that nuisance variables tend to cloud the"
issue: .Therefore, use of treatment vanables i
c.as pohcy instrumhénts based on analyses that . -
' -do not adequately. deal with the influences " .
of such nuisance variables ‘will ‘generally .
lead ‘fo” incorrect - policy ‘predictions.'and - |
u.nmf:ended pohcy results.. There are two-
types-of nuisance " variables ‘observables
= and unobservables Regressmn analysis can - -
U ber used to -deal’ . with * observables,

- - Pseudo experimentally generahng data can
~be used to break the link betwegn’ the treat- .|

“.. ment vanable and the unobservable, aswas |
" “done dn the .RAND' Health Insurance -
* Experimerit. . This approach can, however, -
.- be quite costly and is typma]ly sub]ect o |
-prachcal and ethical constraints: . - - I A
o -Om the other hand, one can uSe nonex- -,
o penmental (su.rvey) data and an appropriate

econometric techmque to. deal with the.

" problem. - This - approach * is appealing: - |
‘because data collectioh for retrospective
. samples is relatively inexpensive and there
1 - now exist good econometric techniques for - | . .
-~ avoiding biases due.to unobservable nui- | "
."isance variables. - [ have-developed such a -
~method ‘which, in-addition to-dealing ‘with
~such ‘biases, accounts for- inherent ‘réstric-
" tions on the range of the outcome variable. |
-;:_,_We d1scussed two apphcatmns of this' |-
. method, ~ The first of these (the effect of |
physmlan advice.. on 2lcchal, demand) ;
; demonstrated the: mportance of contro!hng
o -for biases due. to the unobservables. - .The. -
.. second: (the -effect” of alcohol abuse on: |
.._i'employment) shows. the  importance of .
-~ "accounting for the range restmchon orv the
outcome vanable e

-+ We began tonight's talk with a discussion |
" the impottance of pbtaining accurate esti-, | "
..V_'mates of the treatment effects of health- |-
insurance on utilization levels of the various: |- 7"
;. health services. Such research is md:spens- N A
" able.for the evaluation and comparison of |

: proposed health care reforms. Asa top1c for~’
- future Tesearch, I plan 0. apply my ‘new <
' econometnc techmque in l:hls con&ext

| Asour Taz SERIES .
" The Alex G. McKenna Economic Educatton

Series is presented by the Center for Economic

"and Policy Education af Saint Vincent College. .
. These periodic lectures are apen to the general.
- public. The purpose of the series 1s to explore
" the role of free markets in solving many of the
. social problems confronting the United States:
-~ and.the world today.” Dr. Gary M. Quinlivan, |
professor of s econarnics at Saint Vincent, directs - | -
~ the series. Up to date information about the
= Center can be obtained o the web at : T
www stoincent, edu Chckon Speaal Hﬂgmm S




- *|} - -Socitlogy, Umversrty of Idaho, Wa_ter
1% Markéts in the Snake River Basin'; and I )

| Dr.Charles E. Keller, SVC C'61, _Insjcr e oo

“| - of Geophysics and Planetary. Physics:and

|- Professor of Govemment Claremont

. -Th'e-Ale).( GMcKenna E&onom_io Eduéation’ 7 |
.1 ‘Beries is made possible by a grant from the 7 7|
- P}uhp M McKerma Fou.ndatron, I.nc

* For more information about the following . E

_Center events, including times and loca-

 tions, please call the Center, 724-5374597.

February 18,1999

‘| Government and Political Educatlon'Series o
- Dr. Harvey C. Mansfield - Professor of

‘Governiment, Harvard Umversnty

: " "Machiavelli’s New' Prmce -

‘March 10,1999

“Environmental Econormcs Conference
.- Df. Richard Stroup - Professor of 10
. Econornics, Montana State Umver51ty and
' Senior Associate, PERC. "Pr0pertyR1ghts
Morality and Environmental Policy.” "
~Lecture at 7:30 pm. Morning speakers. - ..
- and topics which are confirmed include:
" Dr. Tom Tietenberg - Mitchell Family "
Professor of Ecorlornics, CoIby College,
\ "Markets for Emissions”; - - EE
" Dr.Joel Hamilton - Professor of
" Agricuftural Economics and’ Rural

.. Dr. Kenmeth Green, Reason Pubhc Pohcy

- Institute; "A Debate on Global Warmmg e

' March 24,1999

" Government and Pohhcal Education Senes e

“Dr. Joseph M. Bessette - Assouate

*“MdKenmna Co]lege "Iushce and-
¢ -Punishment; Crime, Pubhc Opmron, and
o De.mocratlc Pohtlcs " ;

“Apil 15 17 1999

“ Public Morahty, Civic Virtue, and the
- - Problem of Modern beerahsm,

. st CONFERENCE PRESENTERS: -
CENTER ANNOUNCENLENTS : 77| - DK Peter Berkowitz, Associate Professor .
Cof Govemment ‘Harvard Umversrty, Publ[c _

- '_Phllosophy and Postmodernity"; - -
Dr. Walter Berns, Resident Scholar,
e jhAmencan Enterprise Institute, john M. Olin
. University Professor Emeritus, Georgetown
- University; “The Ciiltivation of Citizenship
= and Statesmaniship”; Dr. Mark Blitz,
‘| :Fletcher Jones Professor of Political
. . Philosophy, Claremont McKenna College, |
- "Liberal Freedorn and Responsibility”;
-| ¥ Dr. Douglas.J. Den Uyl, Professor of .
¢ - Philosophy, Bellarmine College c
- "The Pormation of Character and Modern
© “Liberalism": Dr. Jean Bethke Elshtain,
" Laura Spelman Rockefeller Professor of -
T Soc1a1 and: Pohttcal Ethics, Umver31ty
-of Chicago Divinity School, “Religion
" and Civil Society"; Dr. Leonard P.
4" "Liggio, Research Professor, George
- . Mason University School of Law,
o »Executwe Vice President, Atlas
! Fconomic Research Foundatzon, :
~"Liberty. and Order i the Westem- :
gTrachtlo i
=Dr Damel] Mahoney, Assocrate
) _Professor of Politics, Assumptlon e
- College; “Liberal Democracy and: -
-~ .Moral Foundations";: :
=D W1Ifred M. McClay, Assocrate. k
«| = Professor of History, Tulane =
- - University, "Judeo-Christian "
s Tradltlon and-Libéral Tradition in: |
© ‘tHe American Republic’; - LG
- - Dr. Gilbert Meilaender, Board of- Dr. Josepp ; Terza
Directors Professor of Christian *

Harpers, seated 1;

N Iu - ﬂdugfe o}r SV =
o Ethlcs, Valparalso University, Sm’fﬂ'ﬁrg Jfrom kg eft, D ML Af Ssoci C were Thomg
"Fleding the Universal: the -~ -SW’”‘? n P71, C 75, zm"}f{fk A Valore, i, C(if;%af SVC, ang, - :
: Problem of Relativism”; : ert C. Martz 7y “"Hhony ]

- Dr. CHristopher Wolfe, Professor of

- Public Philosophy for Contemporary

- . of Political Science, University of Notre

- Government and Political Education Series
" lecture/luncheon at the Duquesne Club

Political Science, Marquette University "A

Arnerica”; and
Dr. Catherine Heldt Zuckert, Professor

Dame, “Scientific Rationality vs. Morality?”

May 18,1999

T. William Boxx and Gary Quinlivan’s
newest edited collection, Toward the Renewal
of Civilization: Political Order and Culture,
_has been published by Berdmans, ISBN: 0-
§028-4534-7, Contributors include: Hilton
Kramer, Claus Ryn, Joyce Little, Charles R.
Kesler, William B. Allen, Stephen J. Tonsor,
111, Elizabeth Fox-Genovese, Robert P.
George, Hadley Arkes, Martha Bayles,
Dinesh D’Souza, and Ralph McInerny.
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